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On the Effectiveness of Intermediate Train-
ing on an Uncurated Collection of Datasets.

Data

2. [johann adam birkenstock]Artist in 1774 founded [birkenstock]PrivateCorp shoe company
3-1. Watch: Campus Commie Has Profanity-Laden Hissy Fit, Pours Beverage on FSU Republicans ... 7→ opinion
3-2. Illegal alien wanted for attempted murder in NC arrested at US-Mexico border ... 7→ Crime_and_punishment|Security_and_defense
3-3 Online Sociology Course Founders Over Whether Australia is a Country ... 7→ Conversation_Killer|Doubt
4 We should ban whaling | against | whaling is quite a profitable profession. 7→ Achievement|Power: resources
5-1 This dude reckons you can lose weight on a diet of pies and beer 7→ passage
5-2 A simple way to fight clickbait: | ... Don’t like clickbait? [Don’t click]spoiler
6-1 [DATE: MARCH 15,]preamble [ORAL]preamble [(Per Akil Kureshi, J.)]none [The petitioner has challenged an order dated ...]fac
6-2 [Section 46,]provision [Provincial Insolvency Act,]statute and [section 47,]provision [Presidency Towns Insolvency ACT,]statute deal with ...
6-3 ... words and who has retired on or after the 1st day of October, 1974 are unconstitutional and are struck down. ... 7→ denied
7-1 Patients in NCT02953860 receive less mg of Enzalutamide than Fulvestrant on a weekly basis. 7→ Contradiction
7-2 More than 1/3 of patients in cohort 1 of the primary trial experienced an adverse event. | Adverse Events 1: [Total: 69/258 (26.74%)]evidence ...
8-1 [Colchicine toxicity?]question [Death?]question [Very scared]per_exp ...
8-2 ... [SLE]population, and/or [MCTD.]population I have had horrible [body aches,]outcome [swelling]outcome and [fatigue]outcome almost daily
9 @user Ohhhh, Google is struggling to translate it 7→ 1.4
10-1 U sure ? Id personally never trust a girl from pluto 7→ not sexist
10-2 The absolute state of women gentlemen 7→ 2. derogation
10-3 Thank you for all the women who are still sensible. 7→ 3.3 backhanded gendered compliments
11-1 BRITISH REFUGEES WELCOME #Brexit 7→ 0.0
11-2 �

HA�J

	
kP Èñ

�
®K
 ú




�
¯AK.

	á�
Ó 7→ 0.67

11-3 prev_agent": "You are sure?", "prev_user": "omg yes", "agent": "You are sure?", "user": "foolish" 7→ 0.25
11-4 life sucks when you’re dishonest 7→ 0.4
11-4 Why is Nevada only 67% of votes counted .... bloody slow pokes! #Elections2020 7→ 0.2
12 e dey always taste like paper and e no dey get oil 7→ negative

Table 1: Example input and annotation for each task. The ellipsis indicate that the utterance continues. 7→ separates
input and output. The vertical bar (|) is used to separate multiple inputs or outputs. Spans are represented with
square brackets and the label in subscript.

Name Subtasks Languages Size

2. MultiCoNER II NER BN, DE, EN, ES, FA, FR,
HI, IT, PT, SV, UK, ZH

2,672,490

3. News persuasion 1. News categorization EN, FR, GE, IT, PO, RU 741,561
2. Framing classification EN, FR, GE, IT, PO, RU 725,740
3. Persuasion technique classification EN, FR, GE, IT, PO, RU 19,561,550

4. ValueEval Human value classification EN 116,294
5. Clickbait spoiling 1. Spoiler type classification EN 34,520

2. Spoiler detection EN 1,647,176
6. LegalEval 1. Rhetorical role detection EN 755,280

2. NER EN 369,205
3. Legal judgement prediction EN 5,082

7. Clinical NLI 1. Entailment EN 21,828
2. Evidence retrieval EN 311,687

8. Medical claims 1. Claim identification EN 549,231
2. PIO frame extraction EN 78,864

9. Tweet intimicay Intimacy Analysis EN, ES, IT, PO, FR, ZH 73,698
10. Explainable sexism 1. Sexism detection EN 262,939

2. Sexism classification EN 68,043
3. Fine-grained sexism classification EN 68,043

11. Le-Wi-Di 1. Hate speech detection∗ EN 14,252
2. Misogyny detection∗ AR 12,788
3. Abuse detection∗ EN 64,738
4. Offensiveness detection∗ EN 145,245

12. AfriSenti-SemEval Sentiment classification AM, DZ, HA, IG, KR,
MA, PCM, PT, SW, TS,
TWI, YO

795,449

Table 2: Overview of tasks and their data. Data size is
here represented as number of words in (the labeled part
of the) training data as counted with wc (whitespace-
based). Names of tasks are shortened to fit in the table,
subsection titles of Section 4 include the full names of
the tasks. ∗for task 11, soft labels need to be predicted
(which are the average over 5 annotators).

single. Then we use these best settings of
each task to train a single multi-task model cov-
ering all tasks (multi-task). We re-train this
multi-task model on each target task separately
(retrain-all), which is the intermediate train-
ing setup described in Section 2. We compare this
to a setup where we re-train from single task mod-
els (retrain-single), where we focus mostly
on the best source transfer task. A schematic over-

view of the setup is shown in Figure 1.
For the multi-task models, we evaluate the effect

of dataset smoothing, where we use multinomial
smoothing with a factor of 0.5. We also experi-
ment with task-diverse batches (i.e. heterogeneous
batching: multiple tasks/datasets in a single batch),
which has previously shown to be beneficial for in-
termediate training of generative models (Aghajan-
yan et al., 2021).

We use MaChAmp (van der Goot,
2022) v0.4 with default hyperpara-
meters for all experiments, with the
bert-base-multilingual-cased lan-
guage model for efficiency reasons. For our final
test submissions, we compare 7 language models
on the best strategy for each task. We used a
pre-selection of multilingual language models
based on previous empirical results achieved by
MaChAmp.2. The list of language models and
their results can be found in Appendix C.

4 Data and Baselines

For each task, we describe an overview of the task,
the baseline approaches we evaluated, and the res-
ults. An annotated example for each task can be
found in Table 1, and an overview with dataset
statistics in Table 2. We followed the officially re-
commended metrics for each (sub)task; we used

2https://robvanderg.github.io/blog/
tune_lms.htm

Overview of all text-based
SemEval 2023 tasks
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Performance difference to baseline when trans-
ferring from 1/all tasks to a single target task

Correlations

Feature Pearson

Baseline src task 0.009
Baseline tgt task -0.109
src�base/tgt�base 0.093
Overlap tasktypes -0.116
num�src�langs -0.079
num�tgt�langs -0.111
lang�overlap 0.022
dom�overlap 0.088
src�size -0.500
tgt�size -0.562
src�size/tgt�size -0.133

Correlations of performance
difference to baseline with
specific features.

Takeaways

▶ Non-trivial to obtain improvements with
multi-task/intermediate training

▶ Target task more consistent than source

▶ Highest correlations for dataset size

▶ No substantial gains from heterogeneous
batches or scaling up


