MoNoise: A Multi-lingual and Easy-to-use Lexical Normalization Tool.
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W Lexical Normalization b & Evaluation

Corpus Lang ERR Prev.  Metric Prev. MoNoise

exNorm12 EN 5921 [8 OOV Acc. 87.58  87.63
_exNorm2015 EN  77.09 [6 F1 84.21 86.58
WT TR 28.94 [5 OOV Acc. 67.37 48.99
Janes-Norm  SL  31.67 [11] L1 CER 0.38  0.53
Janes-Norm  SL  63.90 [11] L3 CER 1.58  2.24
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RelLDI-sr SR 64.61

iy B - & GhentNorm  NL  44.62 |13 WER 3.2 1.36%
¥ /\ TweetNorm  ES  38.73 [12 OOV-Prec. 63.4 70.40
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"4 most social people are troublesome
memmm Nee ! :-D kzal nog es vriendenlijk doen lol ' N It
. . . ovelties
B nee ! :-D ik zal nog eens vriendelijk doen lol
_ . ¢ Much lower ram (En: 18gb~—3gb)
mmmm 33ah buenoo esqe digo pa de madrugara este jaja . R
& _ , , __ e Better handling of capitalization (if its annotated)
mmm= 3h bueno es que digo para qué madrugara este jaja .
e Features from original word are re-used
nekomu je sarkazm detektor crknu e Cached embeddings?
- nekomu je sarkazem detektor crknil e Tune aggressiveness:
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O 7 i = Interfaces
r are rnt R
are r : :
Random Online Command line
anoying annoying  annoying Forest Conservative Aggressive —-—badspeller --mode=<arg>
annyoing anyone —-cands=<arg> --nThreads=<arg>
Language: English v Submit —-caps ——nTrain=<arg>
k / --dir=<arg> --output=<arg>
Enter your Tweet here: ——deV=<arg> ——rf=<arg>
\&/ -—errdet=<arg> --seed=<arg>
L} NOVE' benChmark —-—-feats=<arg> —-—syntactic
-—-feats2=<arg> --tokenize
e normalization will appear here “801d ‘"trees=<al”g>
Corpus Words Lang. %norm 1-N Caps Source e et et Gold - unke<arg>

GhentNorm 12,901 NL 4.8 - 3] ::?§;§t=<arg> ::§§§2§:i<arg>
TweetNorm 13,542 ES 0.3 + - []_] --known=<arg> --wordline

-—-kfold=<arg>

LexNorm1.2 10,576 EN 11.6 - - 14] v robvandergoos. comfmooise hetps://btsbucke org/robvandorg/aonoise!
LiLiu 40,560 EN 105 - 4+ [7]

LexNorm2015 73,806 EN 9.1 + - 2]
IWT 38,918 TR 85 + +  [5]
Janes-Norm 75,276  SL 150 - +  [4] - i B =
ReLDI-hr 89,052 HR 00 - 4+ [9] . /
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